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This study evaluates the alternative conceptual models for groundwater modelling. A true model was
created with a synthetic alluvial fan-plain hydrogeological framework. Various alternative conceptual
models were evaluated for groundwater ﬂow simulations. The ﬁrst alternative model is a single aquifer
layer model; the second alternative model is a 3-layer aquifer model; and the third model is a 5-layer
model consisting of 3 aquifers separated by 2 aquitards. All models could ﬁt very well to the observa-
tions with optimized values of hydraulic conductivities. However, the single aquifer layer model can only
compute water balance components with good accuracy. The 3-layer aquifer model can be used for water
balance computation and groundwater head simulation with small errors. The 5-layer model is capable
of simulating water budget, groundwater head distribution and travel times with high accuracy. Multi-
model analysis found only the 3rd alternative model superior.
 2016, China University of Geosciences (Beijing) and Peking University. Production and hosting by
Elsevier B.V. This is an open access article under the CC BY-NC-ND license (http://creativecommons.org/
licenses/by-nc-nd/4.0/).1. Introduction
Conceptual model is deﬁned as a simpliﬁed version of real world
system (Anderson and Woessner, 1991). Conceptual models are
formulated by including major physical processes operating on
simpliﬁed hydrogeological formations within the generalized
boundary conditions. However, hydrogeological systems are com-
plex, rendering them prone to multiple interpretation and con-
ceptualizations (Poeter and Anderson, 2005). Uncertainties in
groundwater conceptual models come from various sources (Hill
and Tiedeman, 2007). For example, uncertainty in estimated
parameter values, boundary conditions, assumed model structure
and hydrological stresses. Recent research indicates that the largest
prediction uncertainty may come from the conceptualization of
hydrogeological system (Bredehoeft, 2005; Hojberg and Refsgaard,
2005; Rojas et al., 2010). Ignoring the conceptual model uncertainty
may result in biased predictions and/or underestimation of pre-
dictive uncertainty.
Since the real world groundwater systems are very complex
because of spatial variation of geology and involving of different
types of ﬂow process, there is a need for simpliﬁcation of real worldof Geosciences (Beijing).
eijing) and Peking University. Produ
c-nd/4.0/).
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.1016/j.gsf.2016.02.002systems. Over-simpliﬁcation may result in a model with lack of
information and under-simpliﬁcation may result in a costly model.
Both generate unrealistic predictions. It is therefore important that
all features relevant to the real system must be included in the
conceptual model and irrelevant ones be excluded. There are usu-
ally insufﬁcient data to completely characterize the groundwater
system. It is difﬁcult to select a single appropriate conceptual model
for the system (Bredehoeft, 2005). Then, alternative conceptual
models can be developed based on different set of simpliﬁed as-
sumptions (Hojberg and Refsgaard, 2005; Poeter and Anderson,
2005) and evaluate them to select most appropriate model for
the system (Poeter and Anderson, 2005).
A number of statistical criteria have been used to evaluate
alternative conceptual models (Poeter and Anderson, 2005). These
include Kashyap Information Criterion (KIC), Bayesian Information
Criterion (BIC), Corrected Akaike Information Criterion (AICc), and
the Sum of Weighted Squared Residuals criteria (SWSR). Statistical
discrimination criteria are calculated based on conceptual model
predictive uncertainties. Generally, more than one model provides
a similar acceptable ﬁt to the observations: thus model discrimi-
nation should bemade frommultiple models. Multi-model analysis
method (MMA) (Poeter and Hill, 2007) is one of computer code
developed for identifying alternative models for the groundwater
system using KIC, BIC, AICc, SWSR criteria.ction and hosting by Elsevier B.V. This is an open access article under the CC BY-NC-
of alternative conceptual models for groundwater modelling, Geo-
Figure 1. Cross-section of a synthetic alluvial fan-plain aquifer and model layers for
the true model, red colour layers are clayey silt.
Y. Zhou, H.M.P.S.D. Herath / Geoscience Frontiers xxx (2016) 1e72In this paper, a synthetic alluvial fan-plain aquifer system was
created to test alternative conceptual models for simulating
groundwater ﬂow and travel time. Multi-model analysis method
was used to identify the best alternative model. The results show
that for computing water budget, a single layer model is sufﬁcient.
However, for simulating groundwater travel time, a conceptual
model consisting of multiple aquifer-aquitardmodel layers must be
used. The results provide guideline for choosing appropriate
complexity of the conceptual model for different modelling
purposes.2. Generation of synthetic alternative conceptual models
Alluvial fan-plain aquifer is widely distributed and usually
consists of multiple hydrogeological layers (Zhou et al., 2012).
Hydrogeological layers can be conceptualized into a single aquifer
up to multiple layers of aquifers separated by aquitards. Thus,
alternative conceptual models are plausible. A truemodel and three
alternative conceptual models were created for the analysis of
alternative conceptual models for groundwater modelling in this
study. These alternative models are differed only in the number ofFigure 2. (a) Locations of 5 clusters of observation wells at various depths of the aquifer,
computed hydraulic heads in the west-east proﬁle with the true model.
Please cite this article in press as: Zhou, Y., Herath, H.M.P.S.D., Evaluation
science Frontiers (2016), http://dx.doi.org/10.1016/j.gsf.2016.02.002model layers; boundary conditions and hydrological stresses are
kept the same.
The synthetic alluvial fan-pain aquifer consists of an alluvial fan
of gravels and pebbles and an alluvial plain of sand layers separated
by two clayey silt layers (Fig. 1). The hydraulic conductivity is
speciﬁed as 100m/d for the alluvial fan; to be 20 and 0.1m/d for the
aquifer and aquitard in the alluvial plain, respectively. Net
groundwater recharge is uniformly distributed in two areas:
0.5mm/d in the alluvial fan and 0.25mm/d in the alluvial plain. The
boundary on the west is assumed in contact with the impermeable
rocks as no-ﬂow boundary. The east boundary is a perennial river
deﬁned as a head-dependent ﬂow boundary. Boundaries in the
north and south are speciﬁed no-ﬂow boundaries since ground-
water ﬂow is assumed parallel to these boundaries under natural
ﬂow.
The true model was constructed to generate benchmark data
sets for comparing alternative conceptual models. The true model
consists of 16 model layers (Fig. 1). The thickness of the model layer
1 varies from 10 m in the east to 50 m in the west. The thickness of
the rest layers is 10 m. The model grid consists of 101 columns and
100 rows with a uniform cell size of 100 m. The model covers an
area of 10,100 m  10,000 m. MODFLOW-2000 (Harbaugh et al.,
2000) was used to simulate the steady state groundwater head
distribution. Groundwater heads computed at locations of obser-
vation wells (Fig. 2a) were used as observation values to compare
model results of alternative conceptual models. All observation
wells are single-layer well in the true model. There are 5 clusters of
observationwells; each cluster consists of 5 observationwells. Two
shallow wells are located in the layers 4 and 5 (just above the ﬁrst
aquitard) representing hydraulic heads in the shallow aquifer. Two
middle wells are located in the layers 10 and 11 (just above the
second aquitard) representing hydraulic heads in the middle
aquifer. One deep well is located in the layer 16 (just above the
bottom of the aquifer) representing hydraulic head in the deep
aquifer. Computed hydraulic heads with the true model (16 layerobservation wells are numbered in sequence from east to west; (b) Contour lines of
of alternative conceptual models for groundwater modelling, Geo-
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actual measurements. For all 3 alternative models, the same ob-
servations were used for parameter optimization and sensitivity
analysis. Fig. 2b shows the contour lines of computed hydraulic
heads in the west-east proﬁle with the true model. Three-
dimensional ﬂow pattern is obvious near the river.
The alternative conceptual model-1 simpliﬁes the alluvial fan-
plain formations into a single unconﬁned aquifer which was
simulated with a one-layer model (Fig. 3). Three hydraulic con-
ductivity zones were delineated based on the true model. Initial
values of hydraulic conductivities in 3 zones were calculated as the
arithmetic mean of the hydraulic conductivities from the true
model. The alternative conceptual model-2 combines the forma-
tions into 3 aquifer layers (Fig. 3). The ﬁrst aquitard is included in
the second aquifer layer and the second aquitard is included in the
third aquifer layer. In this case, four distinct hydraulic conductivity
zones are delineated. Harmonic mean was used to compute
representative hydraulic conductivity values of the parameter
zones. A 3-layer model was developed accordingly. The alternative
conceptual model-3 represents the aquifer system with 3 aquifers
separated by 2 aquitards (Fig. 3). Two aquitards are modelled
explicitly. In this case, six distinct hydraulic conductivity zones are
delineated. A 5-layer model was developed accordingly. All models
were evaluated under the steady natural ﬂow conditions. Ab-
stractions were not considered.
3. Optimization and sensitivity analysis of alternative models
For three alternative models, hydraulic conductivities were
optimised in order for model computed groundwater heads to
match 25 observations generated by the true model. Sensitivities of
parameters and observations were also analysed to identify mostFigure 3. Cross-sections of the alternative concept
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MODFLOW-2000 (Hill et al., 2000) and UCODE_2005 (Poeter et al.,
2005) were used for parameter optimization and sensitivity
analysis.
3.1. Parameter optimization and sensitivity analysis of the
alternative model-1
The optimized values of hydraulic conductivity for 3 zones are:
HK_1 ¼100.80 m/d, HK_2 ¼ 96.33 m/d, and HK_3 ¼ 17.74 m/d. The
scatter plot between themodel computed head and the true head is
show in Fig. 4. The R-square value is 0.94 indicating a good model
ﬁt. However, it is clear that the model-computed heads near the
river is higher than the true heads.
The computed composite scaled sensitivities (Hill and
Tiedeman, 2007) of 3 hydraulic conductivities are shown in
Fig. 5a. It is clear that low hydraulic conductivity value in the
parameter zone near the river is most sensitive to the model
results.
The Cook’s D inﬂuence statistics (Hill and Tiedeman, 2007)
measures the importance of each observation values for parameter
optimization. A larger value indicates that the observation is very
inﬂuential. Fig. 5b shows the Cook’s D statistics for the alternative
model-1. It identiﬁes observationwell #20 is most inﬂuential to the
model calibration. The observation well #20 is located in the
transition zone from the alluvial fan to the alluvial plain.
3.2. Parameter optimization and sensitivity analysis of the
alternative model-2
The optimized parameter values for horizontal and vertical hy-
draulic conductivities are listed in Table 1. The scatter plot showsual models and hydraulic conductivity zones.
of alternative conceptual models for groundwater modelling, Geo-
Figure 4. Scatter plot between the model-computed head and true head for the
alternative model-1.
Figure 5. (a) Sensitivities of hydraulic conductivities in 3 parameter zones, and (b)
Cook’s D statistics of the alternative model-1.
Figure 6. Scatter plot between the model-computed head and true head for the
alternative model-2.
Y. Zhou, H.M.P.S.D. Herath / Geoscience Frontiers xxx (2016) 1e74that the model is able to reproduce all observations with high ac-
curacy with the R-square value of 0.99 (Fig. 6). The most sensitive
parameters are horizontal hydraulic conductivities in the alluvial
plain (Fig. 7a). The most inﬂuential observations are from obser-
vationwells #2, 3, 16, and 21 (Fig. 7b). It is interesting to notice that
observation wells 2 and 3 are located in the second model layer
near the river; observation wells 16 and 21 are located in the top
model layer; no observation wells in the third model layer are
found inﬂuential.Table 1
Hydraulic conductivity values estimated by UCODE_2005 for the alternative model-2.
Hydraulic
conductivity
HK_1 HK_2 HK_3 HK_4 VK_1 VK_2 VK_3 VK_4
Initial values
(m/d)
100.0 20.0 16.83 83.5 10.0 2.0 0.48 0.57
Optimized
values (m/d)
99.84 19.83 16.39 84.6 9.97 2.01 0.48 0.56
Please cite this article in press as: Zhou, Y., Herath, H.M.P.S.D., Evaluation
science Frontiers (2016), http://dx.doi.org/10.1016/j.gsf.2016.02.0023.3. Parameter optimization and sensitivity analysis of the
alternative model-3
The optimized parameter values for horizontal and vertical hy-
draulic conductivities are listed in Table 2. The scatter plot shows
that the model produces almost the same observations in all wells
(Fig. 8). The most sensitive parameters are horizontal hydraulic
conductivities in 3 aquifer layers in the alluvial plain (Fig. 9a). The
vertical hydraulic conductivity of the ﬁrst aquitard is more sensitive
comparing to other layers. The most inﬂuential observations are
from observation wells #2, 3, 4, and 18 (Fig. 9b). Observation wells
2, 3 and 4 are located in the ﬁrst aquitard, the second aquifer, and
the second aquitard near the river, respectively; observationwell 18
is located in the second aquifer in the transition zone; no obser-
vation wells in the third aquifer are found inﬂuential.4. Multi-model analysis
Information criteria (Poeter and Hill, 2007) are used for model
discrimination. Akaike information criteria are deﬁned as:Figure 7. (a) Sensitivities of hydraulic conductivities in 4 parameter zones, and (b)
Cook’s D statistics of the alternative model-2.
of alternative conceptual models for groundwater modelling, Geo-
Table 2
Hydraulic conductivity values estimated by UCODE_2005 for the alternative model-3.
Hydraulic conductivity HK_1 HK_2 HK_3 HK_4 HK_5 HK_6 VK_1 VK_2 VK_3 VK_4 VK_5 VK_6
Initial values (m/d) 100.0 20.0 1.0 20.0 1.0 20.0 10.0 2.0 0.1 2.0 0.1 2.0
Optimized values (m/d) 99.9 18.16 0.86 20.75 0.87 20.79 9.95 3.17 0.09 2.37 0.12 1.77
Figure 8. Scatter plot between the model-computed head and true head for the
alternative model-3.
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
s2

þ 2k (1)
AICc ¼ n ln

s2

þ 2kþ 2kðkþ 1Þ
n k 1 (2)
s2 ¼ SWSR
n
(3)
SWSR ¼
Xn
i¼1
ui

yi  y0iðbÞ
2 (4)Figure 9. (a) Sensitivities of hydraulic conductivities in 6 parameter zones, and (b)
Cook’s D statistics of the alternative model-3.
Please cite this article in press as: Zhou, Y., Herath, H.M.P.S.D., Evaluation
science Frontiers (2016), http://dx.doi.org/10.1016/j.gsf.2016.02.002where:
n: is the number of observations, same for all models
k: is the number of model parameters ¼ NPE þ 1
NPE: is the number of process model parameters
s2: is the residual variance
SWSR: is the sum of weighted squared residuals
ui: is the weight for the ith observation
yi, y0i: are measured and model calculated groundwater heads,
respectively.
The minimum AIC or AICc among alternative models indicates
the best model. In order to compare all models, a posterior model
probability (pm) is deﬁned as:
pm ¼ e
0:5Dm
PM
j¼1 e0:5Dj
(5)
where:
Dm ¼ AICm  AICmin (6)
where:
AICm: is the AIC value for model m
AICmin is the minimum AIC values of all models
The larger is the probability, the better is the model. The pos-
terior model probabilities are used as the model weighting co-
efﬁcients to compute the model-averaging predictions.
Bayesian information criterion is deﬁned as:
BIC ¼ n ln

s2

þ k lnðnÞ (7)
Kashyap information criterion is deﬁned as:
KIC ¼ ðn ðk 1ÞÞln

s2

 ðk 1Þlnð2pÞ þ ln
XTuX
 (8)
where X is the sensitivity matrix. The posterior model probability
for Bayesian and Kashyap information criteria is also calculated
with Eqs. (5) and (6).
MMA code (Poeter and Hill, 2007) was used to compute Akaike,
Bayesian, Kashyap information criteria and their posterior model
probabilities for 3 alternative models. The results are shown in
Fig. 10. Alternative model-3 scores minimum values for all three
criteria. The posterior probability for the model-3 reaches the
maximum 1.0 and 0 for model-2 and model-1. All three criteria
indicate that alternative model-3 is superior, model-2 and model-1
can be disregarded.5. Comparison of alternative model simulations
Although all 3 alternative models can ﬁt observations very well,
Multi-model analysis found only alternative model-3 is superior
while model-1 and model-2 were disregarded. Here, we compare if
these models can compute groundwater balance, water table pro-
ﬁle, and travel times with good accuracy.of alternative conceptual models for groundwater modelling, Geo-
Figure 10. Akaike (AICc), Bayesian (BIC), Kashyap (KIC) information criteria and their posterior model probabilities for 3 alternative models.
Y. Zhou, H.M.P.S.D. Herath / Geoscience Frontiers xxx (2016) 1e76The true model and 3 alternative models compute the same
recharge (37,500 m3/d) and discharge under the steady state con-
dition. Since the recharge is the same for all models, all models are
forced to compute the same discharge equal to the recharge under
the steady state condition. However, the model doesn’t include
groundwater evapotranspiration. Since groundwater evapotrans-
piration depends on groundwater level depth, groundwater
evapotranspiration will be most likely different in 3 alternative
models; therefore, discharge to rivers will be also different.
The computed water table proﬁles are shown in Fig. 11. Alter-
native model-3 can reproduce the same water table proﬁle as the
true model, but model-1 and model-2 underestimate the water
tables.
The particle tracking model MODPATH (Pollock, 1994) was used
to compute a water particle placed on the water table from anyFigure 11. Simulated water table proﬁles with 3 alternative models in comparison
with the true model.
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0.25. One hundred particles were placed at water table surface of
each column cells. They were tracked forward to arrive at the river
cell. In this way, travel times from the minimum to maximum are
computed. The travel times are plotted as a function against the
distance from the river in Fig. 12. Results show that alternative
model-3 estimates approximately the same travel times as the true
model, while model-1 and model-2 overestimate the travel times
for shorter distances and underestimate the travel times for long
distance.6. Conclusions
This study uses the widely distributed alluvial fan-plain aquifer
to create a synthetic true model, and conceptualizes the true modelFigure 12. Computed travel times with 3 alternative models in comparison with the
true model.
of alternative conceptual models for groundwater modelling, Geo-
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complexity: a simple one-layer aquifer model, a 3-layer aquifer
model, and a 5-layer model of alternating aquifers and aquitards.
The true model was constructed to generate “observed” values of
groundwater heads at selected 25 observation locations. The
parameter zones of the conceptual models were delineated from
the true model. The hydraulic conductivities of three alternative
models were optimized with the parameter optimization method.
Multi-model analysis based on statistical criteria was used to
discriminate the alternative conceptual models. The calculated
water budget, water table proﬁle, and travel times of alternative
models were compared with those of the true model.
Although all three alternative models can ﬁt the observations
very well with very high R-square values, multi-model analysis
only found the 5-layer model is superior and other two models
were disregarded. It implicates that the traditional model calibra-
tion using the observed heads to comparewith themeasured heads
along is not adequate to identify the best conceptual model.
Composite scaled sensitivity from 3 alternative models all in-
dicates that horizontal hydraulic conductivities in the alluvial plain
are most sensitive to model simulations. The vertical hydraulic
conductivity of the upper aquitard is more sensitive than the lower
aquitard. Importance of the locations of observation wells depends
on the conceptualization of the model. For the one-layer aquifer
model, only one well was found inﬂuential which is located at the
transition zone. For the 3-layer aquifer model, two wells in the
second aquifer in the alluvial plain, and one well in the transition
zone and one well in the alluvial fan in the top aquifer were found
more inﬂuential. For the 5-layer aquifer model, three wells in the
alluvial plain and one in the transition zone were found more
inﬂuential. No observation wells in the third aquifer were found
inﬂuential.
The comparison of the water budget, water table proﬁle, and
travel times calculated by 3 alternative conceptual models with the
true model reveals that the model complexity is proportional to
information required. To calculate the water balance only, a simplePlease cite this article in press as: Zhou, Y., Herath, H.M.P.S.D., Evaluation
science Frontiers (2016), http://dx.doi.org/10.1016/j.gsf.2016.02.002one-layer aquifer model would be sufﬁcient. To display the spatial
groundwater head distribution, a 3-layer aquifer model would be
accurate enough for practical application. However, to capture
travel time distribution, a 5-layer model with explicit representa-
tion of aquitards is necessary.References
Anderson, M.P., Woessner, W.W., 1991. Applied Groundwater Modelling: Simulation
of Flow and Advective Transport. Academic Press, San Diego, CA.
Bredehoeft, J., 2005. The conceptualization model problemdsurprise. Hydrogeol-
ogy Journal 13 (1), 37e46.
Harbaugh, A.W., Banta, E.R., Hill, M.C., McDonald, M.G., 2000. MODFLOW-2000, the
U.S.Geological Survey Modular Ground Water ModeldUser Guide to Modula-
rization Concepts and the Ground Water Flow Process. USGS Open-File Report
00e92. Reston, Virginia.
Hill, M.C., Banta, E.R., Harbaugh, A.W., Anderman, E.R., 2000. Modﬂow-2000, the
U.S. Geological Survey Modular Ground-water Model: User Guide to the
Observation, Sensitivity, and Parameter-estimation Processes and Three Post-
processing Programs. U.S. Geological Survey, Denver, Colo.
Hill, M.C., Tiedeman, C.R., 2007. Effective Groundwater Model Calibration: with
Analysis of Data, Sensitivities, Predictions, and Uncertainty. Wiley-Interscience,
Hoboken, N.J.
Hojberg, A.L., Refsgaard, J.C., 2005. Model uncertaintyeparameter uncertainty
versus conceptual models. Water Science and Technology 52 (6), 177e186.
Poeter, E.P., Hill, M.C., Banta, E.R., Mehl, Steffen, Christensen, Steen, 2005.
UCODE_2005 and Six Other Computer Codes for Universal Sensitivity Analysis,
Calibration, and Uncertainty Evaluation: U.S. Geological Survey Techniques and
Methods 6eA11, 283 p.
Poeter, E.P., Hill, M.C., 2007. MMA, a Computer Code for Multi-Model Analysis: U.S.
Geological Survey Techniques and Methods 6eE3, Boulder, Colo, 113 p.
Poeter, E.P., Anderson, D., 2005. Multimodel ranking and inference in ground water
modeling. Ground Water 43 (4), 597e605.
Pollock, D.W., 1994. User’s Guide for MODPATH/MODPATH Plot, Version 3: a Particle
Tracking Postprocessing Package for MODFLOW, the USGS Finite-difference
Ground-water Flow Model. USGS, Reston, Virginia.
Rojas, R.S., Kahunde, S., Peetersa, L., Batelaana, O., Feyend, L., Dassarguesa, A., 2010.
Application of a multimodel approach to account for conceptual model and
scenario uncertainties in groundwater modelling. Journal of Hydrology 394
(3-4), 416e435.
Zhou, Yangxiao, Wang, L., Liu, J., Li, W., Zheng, J., 2012. Options of sustainable
groundwater development in Beijing Plain, China. Physics and Chemistry of the
Earth 47e48, 99e113.of alternative conceptual models for groundwater modelling, Geo-
